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ABSTRACT- This project presents an
Al-driven public welfare fraud detection
system integrated with machine learning
technology. The system enhances welfare
transparency and accountability by

identifying fraudulent transactions. It

ensures  efficiency, reliability, and
intelligent  decision-making  through

artificial intelligence. The system uses
financial transaction data and machine
learning techniques to identify fraudulent
patterns  and  classify  transactions
accordingly. Suspicious transactions are
detected, improving overall welfare
distribution integrity. Traditional welfare
monitoring systems rely on manual
verification, periodic audits, which can be
time-consuming, inconsistent, inaccurate,
or inefficient, leading to financial
irregularities. These systems also lack
intelligent fraud detection and accurate
analysis of suspicious transaction

patterns. There is a need for an automated,
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reliable, and cost-effective public welfare
fraud detection system that can accurately
identify fraudulent transactions and
support transparent distribution of welfare

benefits using artificial intelligence.

KEYWORDS: Artificial Intelligence
(Al), Machine Learning (ML), Fraud
Detection, Public Welfare Distribution,
Financial Transaction Analysis,
Classification, Predictive Analytics, Data
Mining.

INTRODUCTION

Public welfare distribution systems are
designed to ensure that financial assistance
reaches eligible beneficiaries efficiently
and transparently. With advancements in
Artificial  Intelligence and Machine
Learning, fraud detection has become an
effective ~ approach  for identifying
suspicious financial transactions. This
project combines public welfare transaction
analysis with Al-based machine learning to

improve fraud detection
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and  distribution  transparency. The
proposed system not only improves the
identification of fraudulent transactions but
also adds an additional layer of intelligence
by supporting accurate classification and
better decision-making during welfare
distribution.

LITERATURE SURVEY

Public welfare distribution systems have
gained significant attention in recent years
due to the increasing adoption of Artificial
Intelligence and Machine Learning
technologies. A public welfare fraud
detection system is generally designed to
analyze financial transaction data and
identify suspicious activities that may affect
the fair distribution of welfare benefits. The
core concept of the proposed system
revolves around intelligent transaction
analysis and machine learning-based
classification using historical financial

transaction data to support accurate fraud

detection and  transparent  welfare
distribution.
RELATED WORK

Several researchers have contributed to the
development of fraud detection systems
with the aim of improving transparency,
accountability, accuracy, and efficiency in
public welfare distribution. Initial research
in this domain focused on traditional fraud
detection methods where suspicious

transactions were identified through
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manual verification or conventional
statistical techniques. These approaches
relied on predefined conditions and
historical  analysis, offering limited
adaptability and reduced effectiveness in
identifying complex fraudulent transaction

patterns.

EXISTING SYSTEM

The existing public welfare monitoring
systems mostly depend on manual
verification, periodic audits, or
conventional fraud detection methods.
Authorities must actively  examine
transaction records to identify suspicious
activities and verify beneficiary details.
Fraud detection is commonly performed
using historical records or predefined
procedures, which may overlook complex
fraudulent patterns. These methods do not
provide highly accurate identification of
fraudulent transactions. Detection in
current systems is often limited by manual
effort and traditional analysis techniques.
There is no intelligent mechanism to
automatically classify transactions based on
learned fraud patterns. Large transaction
datasets require significant time and effort
for analysis. Overall, the existing system
lacks advanced intelligence,

accuracy, and efficient fraud detection

capabilities.

PROPOSED SYSTEM
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The proposed system implements an Al-
driven machine learning model for
detecting fraudulent transactions in public
welfare distribution. It analyzes financial
transaction data using trained machine
learning algorithms to classify transactions
as legitimate or fraudulent. Suspicious
transactions are identified based on learned
transaction patterns, helping improve
transparency and accountability in welfare
distribution. This approach enhances fraud
detection accuracy and supports efficient
analysis of large transaction datasets. The
system eliminates the need for extensive
manual verification, reducing time and
human effort. A publicly available financial
transaction dataset is used for model
training and evaluation, minimizing data
collection costs. The trained machine
learning model is securely stored for

reliable fraud prediction and classification.

SYSTEM ARCHITECTURE

The architecture of the Al-powered public
welfare fraud detection system consists of
five major components: a financial
transaction dataset, a data preprocessing
module, a machine learning model, a
prediction module, and a reporting
interface. Initially, the financial transaction
dataset is collected and processed through

the preprocessing module, where missing

values are handled, unnecessary attributes
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are removed, and relevant features are
selected for analysis. The processed data is
then used to train the machine learning
model, enabling it to learn patterns
associated with legitimate and fraudulent
transactions. During prediction, the trained
model analyzes new transaction records and
classifies them as either fraudulent or
legitimate based on the learned patterns.
The prediction results are displayed through
the reporting interface, allowing users to
view detected fraudulent transactions and
classification outcomes in a clear format.
This architecture provides an efficient and
intelligent approach for analyzing large
volumes of transaction data while
improving the accuracy of fraud detection.
The system supports transparent public
welfare distribution by reducing manual
effort and assisting authorities in
identifying suspicious financial activities

more effectively.

[2 -

Fig 1: Block Diagram
METHODLOGY DESCRIPTION
The methodology of the Al-powered public

welfare fraud detection system is designed
to identify fraudulent transactions. The
system follows a structured approach that

includes data collection, data
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preprocessing, model training, prediction,
and result analysis. Financial transaction
data is collected from a dataset and
processed to remove inconsistencies and
prepare it for analysis. The processed data
is then used to train the machine learning
model for identifying fraudulent transaction
patterns. Based on the prediction results,
the system classifies transactions as
legitimate or fraudulent and displays the

outcomes through the reporting interface.

RESULTS AND DISCUSSION
& Al Powered Public Distribution Fraud Detection System
Ensuring Fair MODERNIZNG UK PUsLIC
Distribution BT
Through Intelligent
Monitoring

Fig2: Home page of Facial Recognition

The home page of the Al-powered public
welfare fraud detection system serves as the
main

interface through which users interact with

the application.
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Email Address

Back to About Page

Fig 3: User Login Page
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The User Login module enables registered
users to securely access the system using

their login credentials.

Al-POS Dashboard )

Welcome back, mani!

Upiood Trarsaction Oatoset
® Whot Hoppars After Lpdaading®

\" ] [ — |w

Fig 4: User Dashboard Page

The User Dashboard provides users with
access to fraud prediction, transaction

analysis, and other system functionalities

©® Admin Login

Username

Password

«— Back to Home

Fig5: Admin_login
The Admin Login module allows
administrators to securely log in and access

administrative functionalities.
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Fig 6: Admin Dashboard Page

The Admin Dashboard displays system
statistics, user details, and management

options for monitoring the application.
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Fig 7: Predicted Fraud Transactions
List
The Prediction Results module displays the
classification outcome and highlights the

detected fraudulent transactions.
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Fig. 8: Performance Analysis Module

The Performance Analysis module presents
the machine learning model's performance
using evaluation metrics and graphical

analysis.
CONCLUSION

The Al-powered public welfare fraud
detection system improves the efficiency
and accuracy of fraud detection by
identifying suspicious financial
transactions using machine learning. By
supporting transparent welfare distribution
and reducing manual effort, the system
provides a reliable and intelligent solution
for detecting fraudulent activities.

FUTURE SCOPE

The proposed Al-powered public welfare
fraud detection system can be further
enhanced by integrating advanced machine
learning and deep learning models to
detection

improve  fraud accuracy.
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Additional transaction features and larger
datasets can be incorporated to increase the
model's ability to identify complex
fraudulent patterns. The system can be
extended to support real-time transaction
analysis for faster fraud detection and
decision-making. Integration with cloud-
based platforms can improve data storage,
scalability, and accessibility. Furthermore,
advanced data visualization and automated
reporting features can be included to
provide better insights into fraudulent
activities and assist authorities in ensuring
transparent and efficient public welfare

distribution.
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