International Journal o
Engineering Research and Scienceg:

ISSN : 2319-5991

www.ijerst.com

Email: editor@ijerst.com or editor.ijerst@gmail.com



int. J. Engg. Res. & Sci. & Tech. 2023 \_\,3,;_“’-; International Journal of Engineering Research and Science 8 Technology

ISSN 2319-5991 www.ijerst.com
Vol. 19, Issue.l, Feb 2023

CROSS PLATFORM REPUTATION GENERATION SYSTEM
BASED ON ASPECT-BASED SENTIMENT ANALYSIS

Mrs K.Indumathi®,N. Ashwini?,N. Greeshma3,L. Mamatha*
LAssistant professor, Department of CSE, Princeton College of engineering and technology for women
Narapally vijayapuri colony ghatkesar mandal, Pin code-500088
23456UG Students,Department of CSE, Princeton College of engineering and technology for women
Narapally vijayapuri colony ghatkesar mandal, Pin code-500088
Article Info

Received: 12-11-2022 Revised: 20-12-2022 Accepted: 25-01-2023

ABSTRACT
The rapid expansion of Internet-driven platforms like social media and online

marketplaces has led to an explosion of user-generated content, particularly in the form
of product reviews and opinions. Consequently, there is a pressing need for automated
systems to process this vast amount of data efficiently. While existing systems have
made strides in generating and visualizing reputation scores from reviews, they often
overlook the presence of fraudulent or biased reviews that can skew the perception of
a product's reputation. Moreover, these systems typically offer a single, overarching
reputation score for a product or service, failing to provide a nuanced assessment of
different aspects of the entity.To address these shortcomings, we have developed a
novel system that integrates multiple factors, including spam detection, review
popularity, posting timing, and aspect-based sentiment analysis, to produce accurate
and trustworthy reputation values. Unlike conventional approaches, our model
calculates reputation scores not only for the overall entity but also for individual aspects
of the product or service under review. By leveraging opinions gathered from diverse
platforms, our system generates comprehensive numerical reputation values that offer
insights into different facets of the entity's reputation.Furthermore, our proposed system
includes an advanced visualization tool that presents detailed information about the
generated reputation scores, enhancing user understanding and decision-making.
Through extensive experimentation conducted on datasets sourced from various
platforms such as Twitter, Facebook, and Amazon, we have demonstrated the
effectiveness and superiority of our approach compared to state-of-the-art reputation

generation systems. Overall, our system represents a
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significant advancement in the field of reputation analysis, offering robust and

insightful evaluations of entities and their associated aspects in the digital landscape.

. INTRODUCTION

In the contemporary digital age, the
proliferation of online platforms has
revolutionized the way people interact,
share opinions, and make purchasing
decisions. With the advent of social
networks and

media ge-commerce

platforms, users now have
unprecedented opportunities to express
their views and provide feedback on
various products and services. However,
amidst this vast sea of user-generated
content lies the challenge of discerning
the genuine sentiments from the noise of
spam, biased reviews, and malicious

intent.

To address this challenge, our project
focuses on developing a cross-platform
reputation

generation  system that

leverages aspect-based sentiment
analysis. Unlike traditional reputation
systems that offer simplistic overall
ratings, our approach aims to provide a
more nuanced and granular assessment
by analyzing the sentiments expressed
towards different aspects or features of a
product or service. By incorporating
advanced sentiment analysis techniques,

we can decipher the underlying

sentiments associated with specific
attributes, such as performance, quality,

customer service, and pricing.

The proposed system will employ
sophisticated algorithms to process and
analyze user-generated content from
various online platforms, includingsocial
Twitter and

media channels like

Facebook, as well as e-commerce
websites such as Amazon and eBay. By
considering multiple factors such as
review authenticity, popularity, and
posting timing, our system will generate
comprehensive reputation scores that
accurately reflect the collective opinions
of users across different dimensions of

the entity under review.

In essence, our project seeks to empower
consumers and businesses alike with a
robust reputation analysis tool that goes
beyond conventional rating systems. By
providing detailed insights into the
sentiments expressed towards specific
aspects of products or services, our Cross-
platform reputation generation system
enhance

aims to decision-making

processes, foster transparency, and

facilitate informed choices in the digital
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marketplace.
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ILEXISTING SYSTEM

The existing reputation generation
systems often overlook the presence of
malicious users who post fake reviews
with the intent to manipulate the
reputation of products or services.
Additionally, these systems typically
provide only an overall reputation score
for entities and neglect to assess
reputation at a granular level, such as
specific aspects of a product or service.
Furthermore, they may lack robustness
in terms of spam filtering and fail to
consider factors like review popularity
and posting time, which are crucial for

accurate reputation assessment.

111.PROPOSED SYSTEM

The proposed cross-platform reputation

generation  system  addresses the
limitations of existing systems by

incorporating advanced techniques such
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as spam filtering, review popularity
analysis, posting time analysis, and
aspect-based sentiment analysis. By
leveraging these techniques, the system
can accurately evaluate the reputation of
entities and their specific aspects based
on opinions collected from various online
platforms. This ensures more reliable and
granular reputation scores, enabling
stakeholders to make informed decisions.
Additionally, the system offers an
advanced visualization tool that provides
detailed information about reputation
values, enhancing userunderstanding and
interpretation. Overall, the proposed

system  offers several advantages,

including improved accuracy,
granularity, and reliability of reputation
assessment, as well as enhanced
visualization capabilities for better user

engagement and decision- making.

IV.MODULES

Data Collection Module:

» This module is responsible for
collecting user-generated content
online

from various platforms,

including social media networks
(e.g., Twitter, Facebook) and e-
commerce websites (e.g., Amazon,

eBay).
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>

It includes web scraping techniques
and APIs to retrieve textual reviews,
comments, and feedback related to

the target entities.

Preprocessing Module:

>

The preprocessing module cleanses

and prepares the collected data for

analysis.

It involves tasks such as text
tokenization,

(e.9.,

characters, URLSs), and handling of

normalization,

removing  noise special

stopwords.

Aspect Extraction Module:

>

This module identifies and extracts

specific  aspects or  features
mentioned in the user-generated
content.

Techniques such as part-of-speech

tagging,
domain-specific dictionaries may be

dependency parsing, or

employed to identify relevant
aspects.

Sentiment Analysis Module:

» The sentiment analysis module
assesses the polarity (positive,
negative, neutral) of opinions

expressed towards each extracted

aspect.

>
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It may utilize machine learning
algorithms, lexicon-based
approaches, or deep learning models

to analyze sentiment.

Visualization Module:

>

The visualization module presents
the generated reputation scores in an
intuitive and user-friendly manner.

It includes interactive dashboards,
charts, and graphs to visualize the
sentiment distribution and trends

across different aspects.

Evaluation and Testing Module:

>

This

performance and accuracy of the

module  assesses  the
reputation generation system.

It involves conducting experiments,
comparing results with ground truth
data, and evaluating metrics such as

precision, recall, and F1-score.

Integration and Deployment Module:

>

The integration module combines all
the individual components into a
cohesive system.

Once integrated, the system is
deployed on the desired platform
(e.g., web application, API) for end-

users to access and utilize.
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VI.CONCLUSION

In conclusion, the development of the

cross-platform  reputation  generation
system based on aspect-based sentiment
analysis

represents a  significant

advancement in understanding and
analyzing user-generated content across
various online platforms. By leveraging
advanced techniques such as sentiment
analysis and aspect extraction, the system
is capable of accurately assessing the
reputation of entities and their specific
aspects. The integration of spam filtering,
review popularity, and posting time
analysis enhances the reliability and
accuracy of reputation scores. Through
experimentation and evaluation, the
system has demonstrated promising
results in generating reputation values
across multiple datasets from diverse
platforms. Overall, the system provides
valuable insights into the reputation
landscape of entities and their aspects,
aiding stakeholders in making informed

decisions and enhancing user trust.

VIl. FUTURE SCOPE

Looking ahead, there are several avenues
for further enhancement and expansion
of the cross-platform  reputation
generation system. Firstly, incorporating

advanced machine

ISSN 2319-5991 www.ijerst.com
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learning and natural language processing
techniques could improve the accuracy
and granularity of aspect-basedsentiment
analysis. Additionally, integrating real-
time data processing capabilities would
enable the system to adapt to dynamic
changes in online content and user
sentiments. Furthermore, expanding the
scope of data sources beyond social
media and e- commerce platforms to
include forums, blogs, and news articles
could provide a more comprehensive
view of entity reputation. Moreover,
enhancing the visualization capabilities
of the system with interactive features
and customizable dashboards would

facilitate  better understanding and
interpretation of reputation scores by
users. Lastly, exploring the potential
integration of blockchain technology for
ensuring data integrity and transparency
enhance the

could further

trustworthiness of the reputation
generation system. Overall, continuous
research and development efforts are
essential to keep pace with evolving
online dynamics and meet the growing
reliable

demand  for reputation

assessment tools in the digital era.
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