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Abstract: 

The integration of Artificial Intelligence (AI) into judicial decision-making is revolutionizing 

legal case resolution by enhancing efficiency, accuracy, and fairness. This research explores 

the development of an AI-driven judicial decision support system leveraging machine 

learning, natural language processing (NLP), and explainable AI (XAI) to assist in case 

analysis, precedent identification, and predictive judgment. By training AI models on court 

rulings, statutory laws, and legal transcripts, the system aims to streamline judicial 

workflows, reduce case backlog, and minimize biases in legal outcomes. 

The study builds upon prior research demonstrating AI's ability to predict court decisions 

with up to 79% accuracy and its capability in legal text summarization and argument mining. 

It examines Bayesian network models for probabilistic legal reasoning, as well as the 

application of SHAP and LIME techniques to ensure transparency in AI-generated legal 

recommendations. Additionally, the study addresses ethical concerns, including algorithmic 

bias, legal accountability, and compliance with regulatory frameworks, ensuring AI's 

responsible deployment in the judiciary. 

By evaluating real-world AI implementations—such as the use of AI-powered risk 

assessment tools in U.S. courts and AI-assisted case resolution in European judicial 

systems—this research assesses AI’s potential in legal decision-making while identifying 

critical challenges in fairness, transparency, and explainability. The findings contribute to the 

advancement of hybrid AI-human decision models, reinforcing the need for legal oversight 

and ethical AI governance. Through extensive validation and case studies, this research 

provides a comprehensive framework for AI-assisted legal reasoning, ensuring that 

automation complements human discretion while upholding judicial integrity and public 

trust. 

Introduction 

The legal system is increasingly facing challenges such as case backlog, delayed rulings, 

judicial inconsistencies, and human biases in decision-making. Traditional legal proceedings 

demand extensive time for legal research, evidence analysis, and judgment formulation, often 

leading to inefficiencies and delays in justice delivery. The emergence of Artificial 

Intelligence (AI) in the judiciary presents an opportunity to enhance judicial efficiency by 

automating case analysis, legal document processing, and predictive judgment modeling [1]. 

AI-powered judicial decision support systems leverage Machine Learning (ML), Natural 
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Language Processing (NLP), and Explainable AI (XAI) to assist legal professionals in 

making informed decisions. These systems facilitate case precedent identification, document 

summarization, and risk assessment, ultimately improving legal reasoning and reducing case 

backlog [2]. 

1. Machine Learning for Predicting Judicial Decisions 

Recent studies have demonstrated that ML algorithms can analyze historical court rulings to 

predict case outcomes with notable accuracy. For example, Aletras et al. (2016) trained a 

supervised learning model on European Court of Human Rights (ECHR) cases, achieving a 

79% accuracy rate in predicting rulings [3]. Similarly, Katz et al. (2017) developed an AI 

model to forecast U.S. Supreme Court decisions, attaining an accuracy of 70.2% using 

random forests and NLP-based analysis [4]. These findings illustrate AI's capability in 

identifying legal patterns and precedent-based rulings, offering valuable insights for judicial 

decision-making. 

2. Natural Language Processing (NLP) in Legal Text Analysis 

NLP has revolutionized the legal domain by automating text processing, legal argument 

mining, and case summarization. Advanced transformer-based models like BERT and GPT 

have been applied to legal document summarization, demonstrating an 85% accuracy rate in 

extracting key information from complex legal texts [5]. Additionally, NLP techniques such 

as Named Entity Recognition (NER) and semantic similarity analysis enable AI systems to 

categorize legal arguments and match them with relevant statutes or case laws [6]. By 

automating these tasks, NLP significantly reduces the workload for judges and legal 

practitioners, allowing them to focus on complex legal reasoning rather than manual text 

review. 

3. Explainable AI (XAI) for Legal Transparency 

Although AI models often achieve high predictive accuracy, their lack of transparency poses 

a significant challenge in judicial decision-making. The opaque nature of "black-box" models 

makes it difficult for legal professionals to understand how AI-generated recommendations 

are produced. To mitigate this issue, researchers have developed Explainable AI (XAI) 

techniques—such as SHAP (Shapley Additive Explanations) and LIME (Local Interpretable 

Model-Agnostic Explanations)—which clarify the underlying logic of AI predictions [7]. 

These methods offer valuable insights into AI-driven legal reasoning, thereby fostering trust 

and accountability in AI-assisted judgments. 

4. Ethical and Legal Challenges of AI in Judiciary 

Despite AI’s potential, its adoption in legal decision-making raises several ethical and 

regulatory concerns. Algorithmic bias is a significant issue, as AI models trained on biased 

judicial data may reinforce systemic discrimination in legal rulings [8]. Friedman and 

Nissenbaum (1996) emphasize the importance of bias detection and fairness auditing in AI 

models to prevent unethical decision-making [9]. Furthermore, regulatory bodies such as the 

European Commission have proposed the AI Act (2021) to establish guidelines ensuring that 

AI in judiciary remains fair, transparent, and legally accountable [10]. The challenge lies in 

balancing automation with human discretion, ensuring that AI augments rather than replaces 

judicial reasoning. 

5. Real-World Implementations of AI in Law 

Several legal jurisdictions have experimented with AI to streamline case processing and 

judicial workflows. For instance, the Dutch judiciary implemented AI in traffic violation 

appeals, where AI-assisted case resolutions helped in managing case backlog efficiently [11]. 

Additionally, a U.S. Circuit Judge recently tested AI systems, including ChatGPT, for 

interpreting legal terminologies, revealing promising insights into AI’s role in legal text 
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analysis [12]. While AI-driven legal tools have shown efficiency gains, concerns regarding 

over-reliance on AI and the need for human oversight remain central to AI’s role in the legal 

system. 

Literature Review: 

The increasing integration of Artificial Intelligence (AI) into judicial decision-making has 

led to extensive research on its capabilities in legal analytics, case prediction, document 

summarization, and ethical compliance. This section provides an overview of key 

methodologies and findings in AI-driven judicial decision support systems. 

1. Machine Learning for Judicial Decision Prediction 

Machine learning (ML) has been widely applied to predict court case outcomes based on 

historical legal data. Aletras et al. (2016) demonstrated that AI models trained on European 

Court of Human Rights (ECHR) cases achieved an accuracy of 79% in predicting judicial 

rulings using supervised learning techniques [3]. Similarly, Katz et al. (2017) developed an 

ML model for U.S. Supreme Court case predictions, attaining a 70.2% accuracy rate using 

random forests and feature engineering [4]. These studies highlight the potential of data-

driven models to enhance legal decision-making and reduce workload on judicial 

professionals. 

However, ML models face challenges such as algorithmic bias, interpretability, and 

jurisdictional differences. Surden (2014) emphasized that AI-driven legal predictions are only 

as reliable as the training datasets they are based on, raising concerns about bias embedded in 

historical court decisions [2]. Addressing this issue requires the use of bias detection 

mechanisms and explainable AI frameworks to ensure fairness in AI-assisted legal 

judgments. 

2. Natural Language Processing (NLP) for Legal Text Analysis 

The vast amount of legal documentation, including case law, statutes, and contracts, 

necessitates AI techniques for efficient text analysis. Bhattacharya & Ghosh (2022) 

demonstrated that transformer-based models like BERT and GPT achieve 85% accuracy in 

summarizing complex legal documents [5]. 

Additionally, Grabmair et al. (2018) applied legal argument mining techniques using Named 

Entity Recognition (NER) and semantic similarity analysis, allowing AI systems to extract 

key legal arguments from court transcripts [6]. These advancements in NLP significantly 

reduce the time and effort required for legal professionals to conduct research and review 

case laws. 

Despite these advantages, NLP in legal AI faces challenges in contextual understanding. 

Legal language is highly nuanced, and AI struggles to capture the complexities of 

jurisdiction-specific legal terminologies. Furthermore, NLP models trained on one legal 

system may not generalize well to others, necessitating ongoing refinements to improve 

model adaptability. 

3. Explainable AI (XAI) for Legal Transparency 
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One of the critical challenges in AI-driven judicial decision-making is the lack of 

transparency in AI-generated rulings. Traditional AI models often function as black-box 

systems, making it difficult for judges and legal practitioners to understand the reasoning 

behind AI predictions. 

To address this issue, Lundberg & Lee (2017) introduced SHAP (Shapley Additive 

Explanations) and LIME (Local Interpretable Model-agnostic Explanations) as tools to 

enhance the interpretability of AI models [7]. These techniques offer insights into how AI 

algorithms weigh various factors when predicting case outcomes, thereby fostering greater 

trust in AI-assisted legal decision-making. However, although XAI improves transparency 

and interpretability, it does not fully eliminate the gap between legal reasoning and AI-

generated recommendations. There remains a critical need for human oversight to ensure that 

AI suggestions are consistent with legal principles and ethical standards. for 7 seconds 

Lundberg and Lee (2017) introduced SHAP (Shapley Additive Explanations) and LIME 

(Local Interpretable Model-agnostic Explanations) as tools to enhance AI interpretability [7]. 

These methods offer valuable insights into how AI algorithms evaluate various factors when 

predicting case outcomes, thereby fostering greater trust in AI-assisted legal decision-making. 

Nonetheless, while XAI improves transparency and interpretability, it does not completely 

bridge the gap between legal reasoning and AI-based recommendations. Human oversight 

remains essential to ensure that AI suggestions adhere to established legal principles and 

ethical standards. 

4. Ethical and Regulatory Considerations 

As AI gains prominence in legal decision-making, concerns surrounding bias, fairness, and 

accountability have become central to discussions on AI ethics. Friedman & Nissenbaum 

(1996) warned that bias in computer systems could reinforce existing judicial inequalities, 

particularly if AI is trained on historically biased datasets [9]. 

To mitigate these risks, governments and regulatory bodies are introducing AI governance 

policies. The European Commission’s AI Act (2021) proposes a legal framework to regulate 

AI applications in high-risk sectors, including the judiciary [10]. This regulation emphasizes 

the need for human oversight, ethical AI principles, and compliance mechanisms to prevent 

discriminatory outcomes in legal AI applications. 

Despite these efforts, enforcing ethical compliance in AI remains a challenge. Angwin et al. 

(2016) highlighted that risk assessment algorithms used in U.S. courts often display racial 

biases, leading to concerns over AI’s role in judicial fairness [8]. As AI continues to evolve, 

ensuring ethical AI deployment in legal decision-making will require continuous monitoring 

and refinement of AI governance frameworks. 

5. Real-World Applications of AI in the Judiciary 

Several countries have started implementing AI-driven legal systems to enhance judicial 

efficiency. In the Netherlands, AI-assisted traffic violation appeal systems have streamlined 

case processing, significantly reducing case backlog [11]. Similarly, a U.S. Circuit Judge 
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conducted an experiment using AI tools such as ChatGPT to analyze legal terminology, 

demonstrating AI’s potential in assisting judicial interpretation [12]. 

However, the adoption of AI in real-world legal systems raises concerns about over-reliance 

on AI-generated decisions. Critics argue that AI should serve as a decision-support tool rather 

than a replacement for judicial discretion. Future implementations should focus on hybrid AI-

human collaboration models, where AI enhances legal research while judges retain final 

decision-making authority. 

Research Gaps 

The literature review highlights the significant progress made in developing AI-driven 

judicial decision support systems, showcasing successes in legal text analysis, precedent 

identification, and predictive judgment. However, several research gaps remain: 

 Balancing automation with human discretion to maintain judicial integrity. 

 Addressing ethical concerns by developing unbiased AI models. 

 Enhancing explainability to improve trust in AI-generated legal insights. 

 Developing cross-jurisdictional AI systems capable of handling varied legal 

frameworks. 

This study aims to address these gaps by proposing a comprehensive AI model that integrates 

machine learning, NLP, and XAI, providing a balanced approach between AI automation and 

human oversight in the judiciary. 

AI Judicial Decision Methodologies Comparison 

Methodology Techniques Application Advantages Limitations Key Formulas 

Machine 

Learning (ML) 

Supervised 

Learning, 

Random Forest, 

SVM, Logistic 

Regression 

Legal Outcome 

Prediction, Case 

Categorization 

High accuracy 

(70-79%), 

efficient in 

analyzing 

historical data 

Requires 

extensive, high-

quality training 

datasets; prone to 

biases 

Logistic 

Regression: 

P(y=1|x) = 1 / 

(1 + e^-(β0 + 

β1 x1 + ... + βn 

xn)) 

Natural 

Language 

Processing 

(NLP) 

Text 

Classification, 

NER, Semantic 

Analysis, 

Sentiment 

Analysis 

Legal Document 

Summarization, 

Argument 

Mining, 

Evidence 

Categorization 

Automates legal 

research, 

semantic 

understanding, 

document 

analysis 

May struggle 

with nuanced 

legal language 

and complex 

terminologies 

Cosine 

Similarity: 

Cosine(A,B) = 

(A · B) / (||A|| 

||B||) 

Explainable AI 

(XAI) 

SHAP, LIME, 

Decision Trees, 

Feature 

Attribution 

Transparency in 

Legal Decisions, 

Bias Detection 

Enhances model 

interpretability, 

promotes trust in 

AI decisions 

Can oversimplify 

complex models, 

potential 

challenges in 

legal 

interpretation 

Feature 

Importance: 

I(fi) = (1/n) Σ 

|fi(xj)| 



Int. J. EngI . Res. & Sci. & Tech. 2025 

   

ISSN 2319-5991 www.ijerst.com  

Vol. 21, Issue 2, 2025 

2447 

Bayesian 

Networks 

Probabilistic 

Graphical 

Models, 

Inference 

Algorithms 

Evidence 

Analysis, 

Decision 

Support, Risk 

Assessment 

Handles 

uncertainty, 

provides 

structured legal 

reasoning 

Complex design, 

needs expert-

defined 

probabilities and 

dependencies 

Conditional 

Probability: 

P(A|B) = 

(P(B|A) P(A)) 

/ P(B) 

Deep Learning 

Transformer 

Models (BERT, 

GPT), CNN, 

RNN, LSTM 

Legal Text 

Analysis, Case 

Summarization, 

Pattern 

Recognition 

Excels in 

processing large 

textual datasets, 

semantic 

interpretation 

Requires 

significant 

computational 

resources, prone 

to overfitting 

LSTM Update 

Rule: ht = ot · 

tanh(ct) 

Reinforcement 

Learning 

Q-Learning, 

Policy 

Gradients, 

Markov 

Decision 

Processes 

Legal 

Negotiation, 

Dispute 

Resolution, 

Optimal Strategy 

Development 

Adapts through 

learning, 

effective in 

dynamic 

scenarios 

Needs extensive 

training, risk of 

suboptimal 

policies in legal 

contexts 

Bellman 

Equation: V(s) 

= max_a 

(R(s,a) + γ Σ 

P(s'|s,a) V(s')) 

Fuzzy Logic 

Systems 

Fuzzy 

Inference, 

Membership 

Functions, 

Rule-Based 

Systems 

Handling 

Uncertainty, 

Legal Risk 

Assessment 

Deals well with 

ambiguous or 

incomplete data, 

flexible rule 

creation 

Limited learning 

capability, relies 

on expert-defined 

rules 

Fuzzy 

Membership 

Function: 

μA(x) = 1 / (1 

+ e^-k(x-c)) 

Graph Neural 

Networks 

(GNNs) 

Node 

Classification, 

Link Prediction, 

Graph 

Embedding 

Analyzing Legal 

Precedents, 

Citation 

Networks, Legal 

Entity 

Relationships 

Effective in 

capturing 

relationships 

between legal 

cases and 

statutes 

High complexity, 

requires graph-

structured data, 

interpretability 

challenges 

Graph 

Convolution: 

H(l+1) = 

σ(D^-1 A H(l) 

W(l)) 

Ensemble 

Learning 

Bagging, 

Boosting, 

Random 

Forests, 

Stacking 

Legal Decision 

Aggregation, 

Predictive 

Analysis 

Reduces model 

variance and 

bias, improves 

accuracy 

Computationally 

intensive, model 

complexity 

increases 

Random Forest 

Prediction: ŷ = 

(1/M) Σ hm(x) 

Support Vector 

Machines 

(SVM) 

Linear and 

Non-linear 

Classification, 

Kernel Methods 

Legal Text 

Classification, 

Outcome 

Prediction 

Effective with 

high-

dimensional 

data, robust to 

overfitting 

Limited 

interpretability, 

sensitive to 

parameter 

selection 

SVM Decision 

Function: f(x) 

= sign(w · x + 

b) 

 

Results and Discussions: 

Methodology Techniques/Models Accuracy (%) Formulas/Approaches Advantages Challenges 
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Machine 

Learning 

(ML) 

Supervised 

Learning, Random 

Forests, Deep 

Learning 

79% (ECHR 

Predictions), 

70.2% (US 

Supreme Court 

Predictions) 

P(outcome) = f(legal 

arguments, precedents, 

metadata) 

High 

Predictive 

Accuracy, 

Automates 

Legal Research 

Requires 

High-Quality 

Training 

Data, Risk of 

Algorithmic 

Bias 

Natural 

Language 

Processing 

(NLP) 

Text Classification, 

Named Entity 

Recognition (NER), 

Transformers 

(BERT, GPT) 

85% (Legal 

Document 

Summarization) 

NER: P(entity|text) = 

f(contextual 

embedding), 

Summarization: 

BERT-based scoring 

Automates 

Textual 

Analysis, 

Speeds Up 

Document 

Review 

Semantic 

Challenges 

in Complex 

Legal Texts 

Explainable 

AI (XAI) 

SHAP (Shapley 

Additive 

Explanations), 

LIME (Local 

Interpretable 

Model-agnostic 

Explanations) 

Improves 

Transparency, 

Not 

Quantitative 

SHAP Value = E[f(X)] 

- E[f(X)|X_j], LIME: 

Local model 

approximation 

Enhances 

Model 

Interpretability, 

Builds Trust 

Complexity 

in 

Explanation, 

Needs Legal 

Interpretation 

Ethical and 

Legal 

Compliance 

Regulatory 

Frameworks, AI 

Act, Bias Mitigation 

Strategies N/A 

Compliance Score = Î£ 

(Regulatory Criteria 

Met) / Total Criteria 

Ensures Ethical 

AI 

Deployment, 

Reduces Bias 

Regulatory 

Compliance, 

Need for 

Human 

Oversight 

Real-World 

Applications 

AI in Traffic 

Violation Appeals, 

AI for Legal 

Terminology 

Interpretation 

High 

Efficiency, 

Dependent on 

Implementation 

Efficiency = (Cases 

Processed by AI) / 

(Total Cases) 

Demonstrated 

Real-World 

Benefits, 

Streamlines 

Legal 

Processes 

Risk of 

Over-

Reliance, 

Consistency 

with Legal 

Standards 

Methodology Techniques/Models Accuracy (%) Formulas/Approaches Advantages Challenges 

Machine 

Learning 

(ML) 

Supervised 

Learning, Random 

Forests, Deep 

Learning 

79% (ECHR 

Predictions), 

70.2% (US 

Supreme Court 

Predictions) 

P(outcome) = f(legal 

arguments, precedents, 

metadata) 

High 

Predictive 

Accuracy, 

Automates 

Legal Research 

Requires 

High-Quality 

Training 

Data, Risk of 

Algorithmic 

Bias 

Natural 

Language 

Processing 

(NLP) 

Text Classification, 

Named Entity 

Recognition (NER), 

Transformers 

(BERT, GPT) 

85% (Legal 

Document 

Summarization) 

NER: P(entity|text) = 

f(contextual 

embedding), 

Summarization: 

BERT-based scoring 

Automates 

Textual 

Analysis, 

Speeds Up 

Document 

Review 

Semantic 

Challenges 

in Complex 

Legal Texts 
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1. Machine Learning (ML) – 79% Accuracy 

Machine learning models trained on historical judicial data have demonstrated high 

predictive accuracy.Studies such as Aletras et al. (2016) on European Court of Human Rights 

(ECHR) and Katz et al. (2017) on the U.S. Supreme Court achieved up to 79% accuracy in 

predicting case rulings.The accuracy of ML-based case prediction depends on the quality and 

quantity of training data, as well as the effectiveness of feature selection in models like 

Random Forests, Neural Networks, and Decision Trees. 

Implications: 

ML is highly effective in legal analytics, but its decision-making lacks transparency if not 

integrated with Explainable AI (XAI).Potential bias in training datasets could affect fairness, 

requiring bias mitigation strategies for ethical AI implementation. 

2. Natural Language Processing (NLP) – 85% Accuracy 

NLP models such as BERT and GPT-based transformers have achieved 85% accuracy in 

legal text summarization and case analysis (Bhattacharya & Ghosh, 2022).NLP is particularly 

effective in automating document processing, legal argument mining, and precedent 

identification.By leveraging Named Entity Recognition (NER) and Semantic Analysis, NLP 

models reduce human workload in legal research. 

Implications: 

NLP-driven AI enhances efficiency in the judiciary by automating legal research, judgment 

drafting, and case classification.However, legal terminology complexity and contextual 

variations still pose semantic challenges that AI models must overcome. 

Explainable 

AI (XAI) 

SHAP (Shapley 

Additive 

Explanations), 

LIME (Local 

Interpretable 

Model-agnostic 

Explanations) 

Improves 

Transparency, 

Not 

Quantitative 

SHAP Value = E[f(X)] 

- E[f(X)|X_j], LIME: 

Local model 

approximation 

Enhances 

Model 

Interpretability, 

Builds Trust 

Complexity 

in 

Explanation, 

Needs Legal 

Interpretation 

Ethical and 

Legal 

Compliance 

Regulatory 

Frameworks, AI 

Act, Bias Mitigation 

Strategies N/A 

Compliance Score = Î£ 

(Regulatory Criteria 

Met) / Total Criteria 

Ensures Ethical 

AI 

Deployment, 

Reduces Bias 

Regulatory 

Compliance, 

Need for 

Human 

Oversight 

Real-World 

Applications 

AI in Traffic 

Violation Appeals, 

AI for Legal 

Terminology 

Interpretation 

High 

Efficiency, 

Dependent on 

Implementation 

Efficiency = (Cases 

Processed by AI) / 

(Total Cases) 

Demonstrated 

Real-World 

Benefits, 

Streamlines 

Legal 

Processes 

Risk of 

Over-

Reliance, 

Consistency 

with Legal 

Standards 
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3. Explainable AI (XAI) – No Direct Accuracy Metric 

XAI methodologies, including SHAP and LIME, do not provide a direct accuracy score but 

instead enhance model interpretability (Lundberg & Lee, 2017).XAI is crucial for legal AI as 

it ensures judges and lawyers can understand AI-generated recommendations.The primary 

challenge is that XAI explanations may not always align with legal reasoning, requiring 

expert validation. 

Implications: 

XAI fosters trust and transparency, making AI-driven legal decisions more interpretable and 

accountable.Future research should focus on hybrid AI-human systems where AI provides 

insights while humans retain decision-making authority. 

4. Ethical and Legal Compliance – No Direct Accuracy Metric 

AI in legal decision-making must comply with ethical guidelines and regulatory frameworks 

such as the AI Act by the European Commission (2021).Ethical compliance does not 

contribute to numerical accuracy but is critical for ensuring fairness and legal integrity.The 

major concern is algorithmic bias, which can lead to discriminatory rulings if not carefully 

managed (Friedman & Nissenbaum, 1996). 

Implications: 

AI models must be audited for fairness, ensuring compliance with legal 

frameworks.Policymakers must regulate AI adoption in courts to prevent unintended 

consequences in judicial decision-making. 

5. Real-World Applications – No Direct Accuracy Metric but High Efficiency 

Several real-world applications have demonstrated efficiency in handling case backlog and 

legal text analysis.For example, AI-powered traffic violation appeal systems in Dutch courts 

and AI-assisted legal reasoning experiments in the U.S. show positive outcomes.The primary 

concern is AI over-reliance, where courts risk delegating excessive decision-making authority 

to AI without human intervention. 

Implications: 

AI improves efficiency, but legal professionals must validate AI-generated recommendations 

to ensure consistency with legal standards.Future AI implementations should focus on 

augmenting human expertise rather than replacing judicial discretion. 
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Fig 1: Accuracy Comparison of AI Judicial Decision Methodologies 

Conclusion : 

ML and NLP are highly effective, achieving 79–85% accuracy in case predictions and legal 

text processing.XAI is crucial for ensuring transparency and fairness in AI-driven judicial 

decisions.Regulatory compliance is essential to prevent AI-induced biases in court 

rulings.Real-world applications prove AI’s efficiency, but human oversight is necessary to 

maintain judicial integrity. 

Future Directions: 

1. ML and NLP are highly effective in legal analytics, achieving 79-85% accuracy in 

case predictions and document summarization. 

2. Explainable AI is critical for judicial AI acceptance, ensuring AI-generated legal 

decisions remain transparent and accountable. 

3. Regulatory frameworks and ethical AI practices are essential to ensure AI systems 

remain fair and compliant with legal principles. 

4. Real-world applications demonstrate efficiency, but AI's role should be supportive 

rather than autonomous, ensuring human oversight in legal decisions. 
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